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PERFORM-AI SERIES - PART 4

Operating Models That Make
Al Work

Why architecture alone is not enough to scale enterprise Al.

Xponential Strategy Vectors
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Architecture Is Necessary — But Not Sufficient

The Insight from Part 3

Shared platforms and well-designed architecture create the capability for
scalable Al. Cloud-native data layers, feature stores, and model registries
remove technical bottlenecks and give enterprises the raw infrastructure
to deploy intelligence at scale.

Yet despite significant investment in architecture, the majority of
enterprise Al programmes continue to underperform against their original
business case.

The Missing Layer

Architecture creates capability. Operating models create
execution.

The organisational model — how teams are structured, how
decisions flow, how governance is applied — remains the
primary determinant of whether Al delivers measurable
business value or stalls in proof-of-concept cycles.

[ The gap between Al capability and Al performance
is almost always an organisational design problem,
not a technology problem.
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Most Enterprises Have Al Infrastructure — Few Have

Al Execution

Common Symptoms
— Models built, rarely used

Predictive outputs are generated but never integrated into
operational decisions or front-line workflows.

— Slow deployment cycles

Model-to-production timelines average 6-12 months across
most large enterprises, eroding competitive relevance.

— Business-Al disconnection

Business stakeholders and data science teams operate in
separate planning cycles with misaligned objectives.

Research Anchor

Only 54% of Al models developed within large enterprises ever
reach production deployment. The remainder are abandoned,
deprioritised, or rendered obsolete before they generate value.

— Gartner Al Deployment Survey, 2023

The bottleneck is not algorithmic sophistication. It is the absence of
an operating model designed to move Al from development into
decision-making at speed and scale.
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Traditional Structures Actively Slow Al Execution

Most large enterprises were designed for functional clarity and risk separation — not for the cross-functional, iterative speed that Al
operationalisation demands. The result is systemic friction at every stage of the Al deployment lifecycle.
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Each handoff between these siloed functions introduces delay, misalignment, and rework. Al programmes that must traverse all four layers before
reaching production routinely take 9-18 months per deployment cycle — a pace incompatible with competitive markets.



THE STRUCTURAL SOLUTION

High-Performing Organisations Deploy Fusion Teams

The fusion team model deliberately collapses organisational silos by assembling multidisciplinary units accountable end-to-end for a specific Al-
driven business outcome — from problem definition through to production deployment and iteration.

Business Domain Expert

Defines the problem, owns the outcome, ensures commercial
relevance throughout the build cycle.

ML Engineer

Builds production-grade pipelines, manages model infrastructure,
and ensures deployment reliability.

Technology Architect

Ensures alignment with platform standards, integration patterns, and
scalability requirements.

Data Scientist

Designs models, validates performance, and translates business
questions into analytical frameworks.

Product Manager

Manages delivery rhythm, aligns stakeholders, and ensures the
output serves user needs in production.

Risk & Compliance

Embeds regulatory review and ethical oversight directly into the
development lifecycle — not as a gate, but as a partner.
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Fusion Teams Collapse the Distance Between

Insight and Execution

Research Anchor

Cross-functional teams that include both business and
technical stakeholders are 2.4 X more likely to deliver Al
models that reach production and generate measurable
ROI within 12 months.

— McKinsey Global Al Survey, 2023

The performance differential is not marginal. Integration of
business context into the development process is the single
most reliable predictor of Al deployment success.

Measured Advantages

Faster
Experimentation

Collocated business and
technical expertise
compresses the hypothesis-to-
test cycle from weeks to days.

Faster Deployment

With ML engineers and
architects embedded,
production readiness is built in
— not added at the end.

Better Problem
Framing

Domain experts prevent data
scientists from optimising for
metrics that don't reflect real
operational decisions.

Sustained Cross-
functional Trust

Shared accountability builds
the working relationships that
enable continuous iteration
beyond initial deployment.
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Al Governance Must Balance Control and Speed

Traditional governance frameworks were designed for periodic, high-stakes decisions — not for the continuous deployment cadence that modern Al operations

demand. Organisations must redesign governance to operate at the pace of Al.
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[J Guardrail Governance: Rather than approving each deployment through committees, guardrail governance defines automated boundaries —
performance thresholds, fairness constraints, explainability requirements — within which teams deploy autonomously. Control is systematic; speed is

preserved.
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RESPONSIBLE Al

Responsible Al Must Be Embedded — Not
Appended

Ethical and regulatory oversight cannot function as a final checkpoint imposed after models are built. At enterprise scale, responsible Al must
become systematic infrastructure — automated, continuous, and integrated throughout the model lifecycle.
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Model Monitoring Bias Detection
Automated fairness assessments applied across demographic

Continuous performance tracking in production detects data
and contextual segments throughout development and post-

drift, accuracy degradation, and unexpected behavioural shifts
before they affect decisions. deployment.
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Explainability Tools Regulatory Compliance Frameworks

EU Al Act, SR 11-7, and sector-specific obligations mapped to
model risk tiers and embedded into deployment approval

Criteria.

Model output justifications made available to operators,
regulators, and end users — satisfying both internal governance
and emerging regulatory obligations.
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Operating Model Redesign Dramatically

Accelerates Al Deployment

The Challenge

A global financial services organisation with over $2 trillion in assets
under management had invested heavily in cloud infrastructure and
a centralised data platform. Despite this, fewer than 30% of Al
models initiated in 2021 reached production within 18 months.
Business units and data science teams operated on separate
planning cycles. Compliance reviews routinely caused 6-9 month
delays late in the deployment process.

The Intervention

The organisation restructured its Al programme around six dedicated
fusion teams, each aligned to a specific business domain: credit risk,
client personalisation, fraud detection, regulatory reporting,
treasury operations, and workforce analytics. A shared data and
model platform from Part 3 provided common infrastructure. Risk
and compliance specialists were embedded in each team from day
one.

Results After 18 Months

X

Faster Deployment

78%

Production Rate

Average model-to-production
time reduced from 14 months to

Models reaching production
rose from 30% to 78% of

under 5 months. initiated projects.

91%

Governance
Compliance

Compliance sign-off achieved at
first submission, up from 41%,
due to embedded oversight.

[ Thetechnology did not change. The operating model did.
That was the differentiating variable.
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Al Transformation Is as Much Cultural as Technical

Even organisations with excellent architecture, well-formed fusion teams, and embedded governance frequently stall. The limiting factor is
invariably cultural — the human system resists changes that the technical system is fully prepared to support.

Common Cultural Barriers

Organisational Resistance

Middle management layers that benefit from information
asymmetry often passively obstruct Al adoption that would
democratise data access.

Unclear Ownership

When accountability for data quality and model performance
is diffuse, no single leader can drive resolution or sustain
momentum.

Incentive Misalignment

Business unit leaders rewarded on short-term P&L metrics
have little incentive to invest time in Al programmes with 12—
24 month payback horizons.

What Successful Transformations Do Differently

Executive Sponsorship That Is Operational, Not
Ceremonial

Sponsors who attend delivery reviews and remove structural
blockers — not merely endorse the programme at launch.
Incentive Redesign

Performance metrics that explicitly reward Al adoption, data
stewardship, and cross-functional collaboration at the business
unit level.

Fear-to-Fluency Programmes

Structured capability building that moves professionals from
anxiety about automation to confident participation in Al-
augmented work.
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Organisations That Redesign Their Operating Models R
Execute Al Faster — and Win

Al is not a technology differentiator in isolation. The sustainable competitive advantage belongs to organisations that have redesigned their operating model to
experiment faster, deploy faster, and learn faster than competitors. At that point, Al capability becomes a self-reinforcing system rather than a collection of isolated

projects.
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[ The compounding nature of this system means the performance gap between Al-native operating models and traditional structures widens exponentially
over time — not linearly. Early redesign is a strategic priority.
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From Execution Excellence to Enterprise Al Maturity

Parts 1 through 4 of the PERFORM-AI series have established the foundational layers of enterprise Al performance: strategic intent, data foundations, scalable

architecture, and the operating models that translate capability into execution.

Part1 ®
Strategic framing and the PERFORM-AI framework

® Part 2

Data foundations and enterprise data readiness

Part 3 o

Shared platforms and scalable Al architecture

® Part 4

Operating models, fusion teams, and responsible governance

Part5— ®

Al maturity: how enterprises progress from experimentation to Al-
native transformation

The Final Question in the Series

Having built the foundations, platforms, and operating models, the critical remaining
question is: How do enterprises progress systematically through stages of Al maturity?
Part 5 examines the maturity model, the leadership interventions required at each stage,
and what it means to become a genuinely Al-native enterprise — not in aspiration, but in
daily operational reality.

Part 5 Preview

Al Maturity & Enterprise Transformation

Stages of Al maturity

Leadership requirements at each stage

Transition triggers and blockers

What Al-native looks like in practice




